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Why AI Won’t Generate The Image You Want.  
 

Introduction 
We’ve all seen mesmerising AI images: impossible creations, weird and wonderful 
fantasy creatures, epic sci-fi scenes, or pictures of everyday things so real you can’t tell 
them apart from a photograph. So why do your images suck? AI image systems look 
powerful, but they fail in very specific and very predictable ways. They do not see what 
you see. They do not understand what you mean. They only follow patterns, and when the 
pattern does not match your intention, the output goes sideways. You can ask for the 
same thing ten times and get ten different failures. None of this is personal. None of it is 
deliberate. It is just the system reaching for the closest pattern it can find. And when that 
pattern is wrong, the image is wrong. This is the core problem with pattern-based 
generation (the model copies statistical patterns, not meaning). 

 

Section 1. Why It Won’t Do What You Want 
 

1. It does not understand your request.  
The system does not know what objects are, what scenes mean, or what you 
intended. It only matches patterns in text and images. 

2. It cannot see the image in your head.  
Your mental picture is precise. Your prompt is not. The model fills the gaps with 
whatever patterns it has seen before. 

3. It follows statistical likelihood, not correctness.  
The model generates what is probable, not what is accurate. If the most common 
pattern is wrong, the output is wrong. 

4. It collapses when patterns conflict.  
When you combine ideas, the model has rarely seen together, it cannot resolve 
the conflict. The result is distorted or incoherent. 

5. It cannot maintain consistency.  
Faces shift, limbs multiply, objects melt, and details drift because the system has 
no stable internal representation of anything. 
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6. It guesses when uncertain.  
When the prompt is vague or contradictory, the model invents details. These 
inventions often ruin the image. 

7. It is limited by its training data.  
If the model has not seen enough examples of what you want, it cannot generate 
it reliably, no matter how well you prompt. 
 

8. It is influenced by safety filters.  
Safety systems override your request when they detect risk, even incorrectly. This 
can distort or block the image entirely. 

9. It prioritises style over accuracy.  
Models often latch onto a visual style because it is easier to reproduce than the 
specific content you asked for. 

10. It cannot judge whether the result is good. 
The system has no concept of success or failure. It cannot tell if the image 
matches your intention. 
 

How To Get Better Results. 
11. Use less text, not more.  

Long prompts confuse the model. Short prompts force it into a narrower pattern 
space. “Less is more” is not a slogan — it is how you stop the system from 
wandering. 

12. Break entrenched patterns.  

If the model keeps adding a smile, a beard, a sunset, or a soft glow, over-specify 
the opposite. Tell it “no smile”, “neutral expression”, “no glow”, “flat lighting”. You 
are not describing the image — you are disrupting the pattern it keeps falling into. 

13. State the single most important detail first.  

Models weight the start of the prompt heavily. Put the key element first. If you bury 
it in the middle, the system treats it as optional. 

14. Remove anything you don’t care about.  

Every extra detail is a new pattern the model must satisfy. If you don’t care about 
the background, don’t mention it. If you don’t care about the lighting, don’t 
mention it. Unnecessary details create unnecessary failure points. 

15. Use negative instructions sparingly but precisely.  
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Negative prompts work best when they target a specific recurring failure. “No extra 
limbs”, “no distortion”, “no smile”, “no fantasy elements”. Broad negatives like “no 
mistakes” do nothing. 

16. Anchor the style with one clear reference.  

One reference image or one style cue stabilises the output. Ten references 
destabilise it. The model cannot reconcile too many competing patterns. 

17. Avoid contradictory instructions.  

If you ask for “dramatic lighting” and “flat lighting” in the same prompt, the model 
will fail. It cannot resolve contradictions — it averages them into mush. 

18. Use simple language.  

Fancy adjectives and poetic phrasing confuse the model. “A red coat” works. “A 
crimson garment evoking winter melancholy” does not. 

19. Give the model room to solve the problem.  

If you over-specify every detail, the model collapses. Tell it what matters, not 
everything. Let it fill the trivial gaps. 

20. Iterate by subtraction, not addition.  

When the image is close but wrong, remove parts of the prompt instead of adding 
more. Adding more increases chaos. Removing clarifies the target. 

21. Stop when the model gets stuck.  

If the system keeps producing the same wrong pattern, stop. Reset. Start a new 
prompt. Sometimes the only fix is to break the loop and come back later. 

22. Different models excel at different things.  

Some image generators are better at realism, some at fantasy, some at faces, 
some at hands, some at lighting, some at composition. This changes constantly 
with new updates, new restrictions, and new safety rules. A model that was 
perfect last month might be useless today. It is always worth trying different 
models and comparing the output side-by-side. 

 

Conclusion.  
You can get great results from image generators if what you want is a flavour rather than 
a specific. A one-off logo, an illustrative diagram, or a generic “stock” image can save you 
time and money. But trying to generate something that requires consistency — like a 
manga comic — is virtually impossible. The system cannot hold characters, proportions, 
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or style across panels. And because you know what is possible, the real trap is time. It’s 
easy to fall into a rabbit hole for half a day trying to generate a cat that doesn’t look like a 
furry beachball. This is the cost of working with pattern-based systems: they can 
surprise you with brilliance, but they can waste your time just as easily. 

 

Links: 
Inquisitor Labs Homepage: 

https://assimilatedhuman.github.io/inquisitor-labs/index.html 
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